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Practical Applications and Future Prospects of Large
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Company Introduction
QUTKE
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Since its establishment in 2014, Qutke Technology (R&EZ#Hz) has been deeply
involved in the field of fund investment research. Through its proprietary “Fund
Database” (B&#UEEE) and the comprehensive "Fund Research System FOF Pro™
(BEIGHAZRRFOF Pro) that serves the entire external investment process, Qutke has
provided fund research, asset allocation, and data governance services to hundreds

of large institutions both domestically and internationally

/-8
Recognized as a National High-Tech Enterprise(ExRE#HHAEL) < *SF FRE
CHINA ASSET MANAGEMENT c P I c
Awarded the SRDI(Z#&4#) distinction by Beijing City
Named among the Top 50 Leading Fintech Enterprises in China by KPMG in 2022

Registered with Cyberspace Administration of China as a financial information
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Qutke Technology: The Leading One-Stop Shop for Fund
Research and Asset Allocation Technology ek

Capital End + Wealth End

&

Investment Advisory
Systems Data and Research Sep e 2X2C

» The asset allocation/FOF system is * Real-time updates on 20,000+ funds, 5,000+ fund . . . + Offers comprehensive services

widely adopted by several leading managers, and 5,000+ comprehensive indicators, Prowdgs fOL.meTIOhCﬂ including data, systems, APP,

institutions. including database and API. consulting, investment and research operation content,
« Offers the standardized fund « Covers research on a wide range of financial assets - e enhancing capabilities for the

research SAAS platform, FOF Pro. in the entire market, including public funds, private advice, and _end fo .end wealth end.

funds, ETFs, macroeconomic, and capital market asset allocation services.

tracking research.

________ System Services H—_—_-

Business Overview: Customizes asset
allocation plans or investment advisor

research services for professionals and institutions q . a

! ' P s s services based on client risk-reward

in wealth management and fund investment.
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consumer end through startups
and internet influencers.
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deep, and customized data products and

Business Overview: Provides an
integrated solution with Saas$ services
and localized deployment for asset
allocation, external investment, and
porifolio construction.

Target Audience: Financial institutions
from the capital or wealth end.

Key Clients: China Life, China Ping An,
Bosera Funds, Zhongzhi Fund, CITIC Trust.

-

Target Audience: Financial institutions
from the capital or wealth end.
Key Clients: Tsinghua University
Education Foundation, HSBC Life, Great
Wall Life, Family Offices, and more. i

capital or wealth end.

Key Clients: China Merchants Bank, Industrial
Bank, ICBC, Tencent Licaitong, Jiucircle, Ningbo
Bank Wealth Management, Zhongzhi Fund, Dahe
Wealth, and others.

wealth management institutions
or high-iraffic influencers.

Key Clients: Jiucircle, Jiufu,
Xunxiaji, and others.
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What is "QutkeMate"?
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> :choose_fund_by_indicator
{'indicator_list': [{'indicator_name': '—FENF{IziZE", 'condition': {'start': None, 'end': None}}, {'indicator_name': '—FENHKEAEHZE", 'condition': {'start':
None, 'end': 10}}, {'indicator_name': 'ZE&FEL', 'condition': {'start': 10, 'end': None}}, {'indicator_name': 'mFR', 'condition': {'start': 2, 'end': None}}], 'fund_type_list':

'MEESRE 4, 'order_by': '—HENE(LIgEEHE, 'asc': 'desc'}
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Where does QutkeMate's abilities come from? %
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» Qutke Investment Research System () Z i 5 4t
» Datum Wealth (7% %)
» LLM (Large Language Model) Interaction

» Prompt Engineering and Flow Control & Expertise in Financial Domain



Qutke Investment Research System & Datum Wealth

Qutke Investment Research
System (i &bt 5 i)

>

>

Qutke's Extensive Experience in Fund
Research

Qutke has a long-standing commitment to
fund research, providing essential support for
QutkeMate.

This includes comprehensive fund analyses,
meticulous evaluations of fund managers,
comparative fund metrics, portfolio
construction insights, and in-depth
diagnostics, among others.

Datum Wealth (7% %2

» Datum Wealth: A Wholly-Owned Subsidiary
Specializing in Premium Fund Data Services.

» Datum Wealth, a wholly-owned subsidiary of
Qutke, stands as an industry-leading
provider of specialized fund data. With its
cutting-edge data analytics, Datum Wealth
empowers QutkeMate by supplying an
unparalleled array of accurate and real-
time data.

» The precision of its fund data has effectively
resolved the hallucination issues associated
with Language Model Machines (LLMs),
making commercial viability a reality.
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Qutke Investment Research System & Datum Wealth

Qutke Investment Research
System (i &bt 5 i)

>

>

Qutke's Extensive Experience in Fund
Research

Qutke has a long-standing commitment to
fund research, providing essential support for
QutkeMate.

This includes comprehensive fund analyses,
meticulous evaluations of fund managers,
comparative fund metrics, portfolio
construction insights, and in-depth
diagnostics, among others.

Datum Wealth (7% %2

» Datum Wealth: A Wholly-Owned Subsidiary
Specializing in Premium Fund Data Services.

» Datum Wealth, a wholly-owned subsidiary of
Qutke, stands as an industry-leading
provider of specialized fund data. With its
cutting-edge data analytics, Datum Wealth
empowers QutkeMate by supplying an
unparalleled array of accurate and real-
time data.

» The precision of its fund data has effectively
resolved the hallucination issues associated
with Language Model Machines (LLMs),
making commercial viability a reality.
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LLM Interaction

Traditional Interaction

» Requires users to have knowledge
of structured language for
interacting with conventional
systems, to initially extract the data
they seek.

» Necessitates consultation with
professional managers to access
desired information.

QUTKE

" E 0 R

LLM Interaction

>

>

Understands users' unstructured
language and unstructured needs.

Breaks down barriers in user-system
intferaction.

Context-aware understanding of
user requirements.

Enables faster retrieval of targeted
information.

@ Wuy, T, Terry, M. and Cai, C.J., 2022, April. Ai chains: Transparent and controllable human-ai interaction by chaining large language model prompts. In Proceedings of the 2022 CHI

conference on human factors in computing systems (pp. 1-22).

@ Agossah, A., Krupa, F., Da Silva, M.P. and Callet, P.L., 2023. LLM-based Interaction for Content Generation: A Case Study on the Perception of Employees in an IT department. arXiv

preprint arXiv:2304.09064.



Prompt Engineering and Flow Control
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» Task Decomposition

» Achieve task breakdown and distributed execution through prompt
engineering.

» Precision Invocation

» Holistically plan functions from a task-oriented perspective, followed by fine-
tuning according to user needs, to achieve accurate parameter invocation.

» User Interaction

» Initiate user engagement in scenarios involving missing information or
requiring user confirmation.

» Generalization Capabilities

» Utilize broad human logic to address user needs, not limited to the
functionalities and data we provide.

@ Shen, Y., Song, K, Tan, X, Li, D., Lu, W. and Zhuang, Y., 2023. Hugginggpt: Solving ai tasks with chatgpt and its friends in huggingface. arXiv preprint arXiv:2303.17580.

@ Wei, X, Cui, X, Cheng, N., Wang, X, Zhang, X., Huang, S., Xie, P., Xu, J., Chen, Y., Zhang, M. and Jiang, Y., 2023. Zero-shot information extraction via chatting with chatgpt. arXiv preprint
arXiv:2302.10205.

® Yang, H.,, Yue, S. and He, Y., 2023. Auto-GPT for Online Decision Making: Benchmarks and Additional Opinions. arXiv preprint arXiv:2306.02224.
@ Talebirad, Y. and Nadiri, A., 2023. Multi-Agent Collaboration: Harnessing the Power of Intelligent LLM Agents. arXiv preprint arXiv:2306.03314.



Expertise in Financial Domain

QUTKE

"”E E R

» Sharpe Ratio(E & LL%)

» Calmer Ratio(-R/RIGLEZR)

» Excess Return Ranking Percentile (&MU w284 BJ 77 Eh)
> Win rate (%)

A7/

@ Liu, Z, Yy, X, Zhang, L., Wu, Z,, Cao, C,, Dai, H., Zhao, L., Liu, W., Shen, D., Li, Q. and Liu, T., 2023. Deid-gpt: Zero-shot medical text de-identification by gpt-4. arXiv preprint
arXiv:2303.11032.

@ Moradi, M., Blagec, K., Haberl, F. and Samwald, M., 2021. Gpt-3 models are poor few-shot learners in the biomedical domain. arXiv preprint arXiv:2109.02555.

® Li, X, Zhu, X, Ma, Z,, Liu, X. and Shah, S., 2023. Are ChatGPT and GPT-4 General-Purpose Solvers for Financial Text Analytics? An Examination on Several Typical Tasks. arXiv preprint
arXiv:2305.05862.

@ de Padua, R.S., Qureshi, I. and Karakaplan, M.U., 2023. GPT-3 Models are Few-Shot Financial Reasoners. arXiv preprint arXiv:2307.13617.



Expertise in Financial Domain
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> Sharpe Ratio(E ¥ tt3%)
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> Calmer Ratio(-R/RIEEEXR)

>  R/RILEE (Calmar Ratio) s&—ANE 21 XS Ui % fa i 2 S fe bn, RE#EAH TP R EH &5k, &Lkt Scott M. Carlsenf1 & 74, HHH “Calmar”skbs b2
“California Managed Accounts” UInFl4a B EEEK ) 465 . RRE R TE T U B R H G WE & F I R M e K ERIE, BAMTHEARXWT: RRHHR =
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> a new chat conversion start...
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> a new chat conversion start...

choose_fund_by_indicator
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In the realm of finance, LLM, especially models like GPT ,Bert, can process vast amounts of textual data efficiently to
extract meaningful patterns.
Leveraging LLM allows for innovative strategy formulations, faster prototyping, and a competitive edge.
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Cobb-Douglas Production Function

Y(L,K) = L°KP

where Y = Total production
L = Labour input
K = Capital input

A = Total factor production

@

QUTKE

" E 0 R




	Slide 1: 大语言模型在金融领域的实践与前瞻 Practical Applications and Future Prospects of Large Language Models in the Financial Sector
	Slide 2: Company Introduction
	Slide 3: Qutke Technology: The Leading One-Stop Shop for Fund  Research and Asset Allocation Technology
	Slide 4: 况客同学 QutkeMate 
	Slide 5: What is "QutkeMate"?
	Slide 6
	Slide 7
	Slide 8
	Slide 9
	Slide 10: QutkeMate
	Slide 11: QutkeMate
	Slide 12: QutkeMate
	Slide 13: QutkeMate
	Slide 14
	Slide 15: QutkeMate
	Slide 16: Where does QutkeMate's abilities come from?
	Slide 17: Qutke Investment Research System & Datum Wealth
	Slide 18: Qutke Investment Research System （况客投研系统） 
	Slide 19: Qutke Investment Research System & Datum Wealth
	Slide 20:  Datum Wealth（西筹数据）
	Slide 21: LLM Interaction
	Slide 22: Prompt Engineering and Flow Control
	Slide 23: Expertise in Financial Domain
	Slide 24: Expertise in Financial Domain
	Slide 25: Expertise in Financial Domain
	Slide 26
	Slide 27
	Slide 28
	Slide 29
	Slide 30
	Slide 31

