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FB15K-DB15K FB15K-YG15K
Hits@1 Hits@5 Hits@10 MR MRR Hits@1 Hits@5 Hits@10 MR MRR

Method

|[OMSNEA @w/oR Bw/oA @Bw/oV Bw/o VR Bw/o VA

MTransE 0359 1.414 2492 1239465 0014 0308 0988 1783 1183251 0.011 75.0 20.0 0.8

[PTransE 3985 11226 17277  387.512 0086  3.079  9.505 14443 522235 0.070 60.0 - 75.0 1 0.6 -
GCN-Align 4311 10956 15548  810.648 0.082 2270 7.209 10736  1109.845 0.053 45.0 - 60.0 A 04 1

BootEA 32319  49.877  57.948 205532 0410 23384 37417 44548 272120 0307 30.0 + 45.0 - :

SEA 16974 33464 42512 191903 0255 14.084 28694 37147  207.236 0.218 15.0 - 30.0 - 0.2 -

IMUSE  17.602  34.677 43523  182.843 0264  8.094 19241 25654 397571 0.142 Hits@1 Hits@10 MRR
HyperKA  13.653  24.948 30724 712154 0.195 16863  29.545 34.882  738.034 0.232 FB15K-DB15K

RAGA 6101 11482 14965 1518991 0.092 5547 10268 12801  1337.759  0.082 50.0 75.0 0.6

RAC 20.285 35954 43205 453313 0.281 15066  28.103 34494  501.795 0.216 40.0 - 60.0 -~ 0.5 A

PoE 12.0 - 25.6 - 0.167 109 - 24.1 - 0.154 30.0° 1 45.0 4 0.4 1

MMEA 26482 45133 54107 124807 0357 23391 39764 47999  147.441 0317 200 + 30.0 1 0.3

EVA 55590  66.644 71587  139.995 0.609 10257  21.663 27790  616.789  0.164 10.0 - Hits@1 15.0 - Hits@10 0.2 - MIRR
MSNEA 65268 76847 81214  54.025 0708 44.288  62.554  69.831  85.074 0.529 FB1SK.YG15K

Liyi Chen, Zhi Li, Tong Xu, Han Wu, Zhefeng Wang, Nicholas Yuan, Enhong Chen, Multi-modal Siamese Network for Entity Alignment, In
Proceedings of the 28th ACM SIGKDD Conference on Knowledge Discovery and Data Mining (KDD'22), Washington DC, USA, 2022, Accepted.
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A/V(R)(S) 276/2174 (12.70%) (1000) 666/6677 (9.97%) (5000) 912/10839 (8.45%) (10000) Model Ql-relevance Q2-coherence
Model R@500 | R@1000 | R@1500 | R@1600 | R@3200 | R@4800 | R@2500 | R@5000 | R@7500 pointer generator 1.68 2.30
IMD-GRU 25.18 48.46 71.66 23.33 45.45 70.63 23.45 45.31 68.09 S25-1C 2.64 3.06
IMD-LSTM 21.98 46.58 69.08 22.51 46.84 69.73 21.71 45.89 67.76 S2S5-1C2 3.07 3.46
IMD-Transformer | 28.62 50.09 69.68 28.01 50.80 73.70 32.02 53.62 72.26 BART 1.52 2.28
IMD_TranSformer 27.17 46.74 70.65 28.53 50.06 73.12 31.91 53.07 72.81 ProTk : 028 599

w/o distance loss w/o phonetic 3.24 3.75
IMD-Transformer w/o image 3.17 3.81

w/o reconstruction | 25.36 48.91 68.12 29.28 49.70 71.17 26.10 49.89 70.18 w/o alignment loss 2.78 3.49

loss average kappa 35.58% 32.60%

Zheyong Xie, Weidong He, Tong Xu*, Shiwei Wu, Chen Zhu, Ping Yang, Enhong Chen, Comprehending the Gossips: Meme Explanation in Time-

Sync Video Comment via Multimodal Cues , ACM Transactions on Asian and Low-Resource Language Information Processing , 2023, Accepted.
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¢ Girlfriend NG, %
Joe Alwyn ———

11 Grammy Awards, 34 Awards
American Music,25 Billboard Music
Awards (the most for a woman) ...
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> SRR, Wiyl

Task Question Answer(6QA) | Building Graphs(68QA/116QA) Movie S1 S2 S3 S4 S5 S6
_ Acc Hit@3 Acc | Hit@10 | Hit@50 Chained for life | 15.00 | 71.00 | 50.00 | 33.00 | 80.00 | 0.00
Movie-Level | 26.12 60.18 2.95 25.05 85.08 - -
Scene-Level | 54.06 8351 1987 | 43.12 75.43 Liberty kid 10.00 | 36.00 | 25.00 | 0.00 | 80.00 | 0.00
Like me 5.00 21.00 | 0.00 0.00 40.00 | 17.00
Max frame length | Negative sampling | R@1 | R@5 | R@10 Ll_tﬂe rock 0.00 0.00 0.00 20.00 | 60.00 | 50.00
120 sample 26.55 | 50.28 | 66.10 Calloused hands | 11.00 | 31.00 | 25.00 | 0.00 20.00 | 17.00
120 full 24.86 | 49.15 | 63.84 Mean 7.00 | 30.00 | 21.00 | 26.00 | 65.00 | 19.00

Penggang Qin, Jiarui Yu, Yan Gao, Derong Xu, Yunkai Chen, Shiwei Wu, Tong Xu*, Yanbin Hao, Enhong Chen, Unified QA-aware Knowledge Graph
Generation Based on Multi-modal Modeling, In Proceedings of the 30th ACM International Conference on Multimedia (ACM MM'22), Lisbon, Portugal, 2022.
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> ISk, (REIRSEA T EIeAlHRISEIe 0 BlISeiE TR KB AT

L HEE

s EEN RS ESEZREUMALL [

WikiMEL | RichpediaMEL | WikiDiverse Model | WiliMEL | RichpediaMEL

Model |

H@1T H@3t H@5T H@10T H@20T MRRT | H@l? H@31T H@5T H@10T H@201T MRRT
H@lt? H@3t H@5? MBRT MR| | H@lt H@3t H@5t MRRT M H@1t H@3? H@5 MRR
| O T O T @ T T l | O T @ T @ T T RL | @ T @ T @ T T l MIMIC 87.98 95.07 96.37 97.80 98.73 91.82 | 81.02 91.77 94.38 96.69 98.04 86.95 I
BLINK[38] | 7466 8663 9057 8172 5148 | 5847 8151 8809 7139 17857 | 5744 7804 8532 9.5 W/o Ly 5613 0360 o574 or6e o357 ovaz | 728z 3005 o312 Se1s el slel
BERT[9] | 7482 8679 9047 8178 5123 | 5955 8112 8716 7167 27808 | 5577 7573 831l 67.38 wio Ly 8671 9443 96.25 98.01  98.80 90.94 | 7872 9023 9366 9604 9761  85.15
RoBERTa[23] | 7375 8585 8980  80.86 3102 | 6134 8156 8715 7280 21816 | 5946 7854 8508  70.52 wio L 86.67 9404 9569 9721 9818  90.74 | 7965  89.89 9256 9492 9694 8538

w/o TGLU + L1 | 85.03 92.36 94.35 95.94 97.27 89.18 74.48 85.37 88.71 92.00 94.02 80.74
DZMNED [26] | 7882 9002 9262 8497 15258 6816 8294 8133 T3 31385 | 5690 753 B 1S9 U0Vl Ul | saas  osas o547 o723 o818 8874 | 7412 8047 9281  oss2 o761 8237

IMEL[1] | 6465 7999 8434 7339 28514 | 4882 6677 7399 6006 47090 | 3738 5423 6100 4819 wjo CMFU+ Lo | 8460 9290 9482 9642 9735 8914 | 7698 8829 9130 9422 9615 8339
VELML [43] | 7662 8875 9196 8342 10272 | 67.71 8457 8917 7719 33285 | 5456 7443  8L1S 6613
GHMEC (35 7655 8840 9201  B336 5475 | 7292 8685 9060 8076 21464 | 60.27 7940 B474 7099 b N LRl 174

) DY kB 29 Ak o {KEFiR3LE

CLP[29) | 8323 9210 9451 8823 1760 | 6778 8522 9004 7757 10706 | 6121 7963 8518  7TL69 " o WikiDivene

90 _ 90
VILT[18] | 7264 8451 8786 7946 22076 | 4585 6296 6980 5663 67593 | 3439 5L07 5783 452 5 50 - o 50 T 50
ALBEF[21) | 7864 8893 OL75 8456 4795 | 6517 8284 8828 7529 12230 | 6059 7559 8130  69.93 gl ™ 70 m
METER[11] | 7246 8441 8817 7949 11190 | 639 8224 8708 7415 37642 | 5314 7093 7159 6371 :ﬁ wi‘o’ - v
= =l =
MIMIC 87.98° 95.07° 96.37° 91.82° 11.02 | 81.02° 9177° 9438° 86.95° 55.11° | 63.51° 8643 7344" I:s :g I::: ‘::
20 0 20 20
10 10 10 10
0 - - 0 - = 0

10% 20% 10% 20% 10% 20% 10% 20% 10%

E DZMNED B IMEL 1 VELML [C3J GHMFC [ viLT 1 METER [ CLIP 3O ALBEF B MIMIC
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TABLE III
THE PERFORMANCE OF OUR METHOD WITH DIFFERENT MODAL
INFORMATION ON SOCIAL-BILIBILI DATASET

L HEE

TABLE I
OVERALL PERFORMANCE ON TWO DATASETS. TRM MEANS
TRANSFORMER. THE BEST RESULTS ARE HIGHLIGHTED IN BOLD.

Method | Visual | Textual | mAP | mINP | RI

Social-Bilibili Social-MoviNet

Method Backbone

mAP mINP Rl mAP mINP Rl w/o VT < : 799 | 512 | 90.0
wlo V - Bert 82.6 55.4 94.0
HACNN [16] CNN |47.8 | 29.4 |66.0| 30.4 | 20.7 |55.0 16T TSM i 827 | 562 | 94.0
MLFN [5] CNN |[55.7 | 34.6 |72.0| 30.6 | 20.6 |40.0 ' : :
ResNet [17] CNN |[61.2 ] 358 [82.0|42.1 | 222 |65.0 all TSM i 828 | 563 | 940
ResNet-mid [4] | CNN | 63.8 | 35.3 |82.0|45.0 | 22.0 [75.0
OSNet [1] CNN |[64.6 | 382 [80.0|49.1 | 21.2 |75.0
OSNet-AIN [20] | CNN | 65.1 | 39.7 [86.0 | 45.3 | 209 | 80.0 TABLE IV
TP-ResNet [3] | CNN [ 59.5 | 362 |78.0| 44.8 | 21.7 |75.0 THE PERFORMANCE OF OUR METHOD WITH DIFFERENT BALANCE
NFormer [21] | TRM | 63.8 | 36.3 |80.0| 37.8 | 20.7 | 65.0 STRATEGIES ON SOCIAL-BILIBILI DATASET
ViT [22] TRM | 765 | 49.1 [90.0| 594 | 23.0 [90.0
TransRelD [7] TRM | 799 | 51.2 |90.0| 62.3 | 24.6 | 90.0 Strategy | mAP | mINP | R1
TP-ViT [3] TRM | 68.1 | 40.3 [86.0| 59.2 | 24.1 |95.0
SCPS-L [3] TRM | 80.9 | 52.6 [90.0| 57.9 | 23.9 | 80.0 5
SCPS-P [3] TRM | 81.0 | 53.1 [90.0| 58.9 | 24.1 |80.0 RMzan gé.g ﬁ'g gg‘g
Ours TRM | 82.8 | 56.3 | 94.0| 63.6 | 24.5 |95.0 andom : : :

Adaptive(Ours) | 82.8(+0.4) | 56.3(+0.6) | 94.0(+0)
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